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Abstract

With the accelerating transformation of the tourism industry toward intelligent services, achiev-
ing semantic integration and efficient organization of heterogeneous tourism data has become a
critical issue. Semantic Web technologies provide a solid foundation for ontology construction in
the tourism domain, enabling the development of structured and machine-interpretable
knowledge systems. This paper presents a comprehensive review of tourism ontology construc-
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tion methods, covering key concepts, ontology types, and construction workflows. It further ana-
lyzes both manual and (semi-)automated approaches, compares mainstream ontology engineer-
ing tools, and summarizes representative case studies. The study highlights major challenges such
as data heterogeneity, ontology consistency, and cross-cultural adaptability. Finally, the paper ex-
plores future directions including ontology learning, integration with knowledge graphs, large
language model-assisted construction, and the application of graph neural networks. The findings
aim to support researchers and practitioners in designing more adaptive, scalable, and intelligent
semantic frameworks for tourism information systems.
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